Doctor Reviews

A Deductive Study Describing Positive Effects of Ome Reviews

Introduction

DrSocial is a health website founded by expertisdifferent market bagrounds. The unique
blend has developed a modern concept of doctoewewiebsite. The project is not only rooted
in the medical field but also on other marketsuaficed by “customers’ reviews”.

There are several articles and studies descrilbmgihternet users are rating doctors and other
experiences of their lifes, thus focusing on défdraspects:

(article -http://www.cbc.ca/news/health/online-dweteviews-not-commonly-checked-by-
patients-1.2543301)

article - http://medicaleconomics.modernmedicinetoedical-economics/news/doctor-
review-websites-are-growing-factor-patients-choggnoviders)

(article - http://www.softwareadvice.com/medicatfistryview/how-patients-use-online-
reviews/)

Reviews from 50 hotels have been catalogued. Eaieh had 15-25 rooms and approx 3000
rooms sold per year.

The study aims to describe the interaction betvieesl of service in the hotel industry and
quality of reviews received on Tripadvisor.

It has also being developed to clarify the behaabchanges of users that engage review
websites as Tripadvisor.

Outcomes suggest that an active engagement obteeihcreases the overall rank and
therefore Tripadvisor leverages hotels authority.

Similar results could be achieved in the doctorawvmarket. Doctors should follow hotels
strategies, engage review websites and promotepfafession to increase their reputation.
Those who will follow this theory will be rewardéy patients community in terms of
reputation improvement.

Users behaviour on Tripadvisor

We have catalogued different behaviours of Tripsolvs customers using past experience in
the hotel business and peers interviews. 10 mairegaries of users have been defined:
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Probability | Motivation | Review | Trigger Review |Increase of Increase of quality
of writing | to write trigger grade quality on on negative
review (%) |review positive reviews
reviews
0-10 None Very greatNone 5 Very great none
experience increase with
excellent service
10-20 Very little | Great Service 5 Great increase| none
experience with excellent
service
20-30 Very little | Great/Bad Big Details 51 Small increase  100% Reviews
experience reduction
30-40 Little Average |All details 51 Small increase| 100% Reviews
experience reduction
40-50 Aware Average |Overall 51 Small increase| 100% Reviews
experience experience reduction
50-60 Aware and Average |Semiconsciouss,4,1 Increase 100% Reviews
little active | experience evaluation reduction
60-70 Aware and Average |Conscious 5,4,3,2,1| Medium 100% Reviews
active experience evaluation increase reduction with
excellent service
70-80 Aware and Average |Understanding5,4,3,2,1| Greatincrease| 100% Reviews
very active | experience the project reduction with
excellent service
80-90 Aware and Any Feeling part 0t 5,4,3,2,1| Very great 100% Reviews
very active | Experiencethe project increase reduction with
excellent service
90-100 Ona Any Committed to | 5,4,3,2,1| Very great Only misleading
mission! | experience Tripadvisor increase reviews stay
Chart.1 — User behaviour analisys on Tripadvisor

1. Customers with 0-10% probability to post — Thesstomers are unaware of Tripadvisor
and its services.They never write a review undemabcircumstances. Only an very great
experience and hotel proactiveness in explainimgpadvisor project and service will make
them write a very positive review.

2. Customers with 10-20% probability to post — Ehegstomers are not totally unaware of
Tripadvisor, however they tend not to write a rexiéf they have a nice experience and
hotel is reminding them to do so they can writ@sifye review on services received.

3. Customers with 20-30% probability to post — Thegstomers trigger their review also with
bad experiences and t focus on big details. Thel hequesting to post a review is
generating positive and negative results. As sesvimprove, bad reviews tend to disappear
and positive reviews slightly increase.

4. Customers with 30-40% probability to post — Ehegstomers can write a review, even if
they are not much motivated, with an average egpeé and focusing on all details either
for good or bad reviews. They know about Tripadwvesad its authority. As services
improve, bad reviews tend to disappear and posidveews slightly increase.

5. Customers with 40-50% probability to post — hesstomers are aware of Tripadvisor and

when they write a review they fully analize the @alkeexperience, however they still make
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strong judgements and rate very good or very badws. As services improve, bad
reviews tend to disappear and positive review$sligncrease.

6. Customers with 50-60% probability to post — Ehesstomers are aware and active of
Tripadvisor and they can write about positive aadative experiences. As they know the
importance of their content, they can give suggesbin how to improve services. They
appreciate higher quality and reward hotels by glmnnegative reviews in good ones or
writing excellent ones. Positive reviews increasaumber and quality.

7. Customers with 60-70% probability to post — Tikithe first category that uses all 5
evaluation stars. This behaviour shows a full usideding of Tripadvisor. They do
perceive service improvements and reward them sighificant increase in number and
quality of reviews. With excellent service levaiggative reviews tend to disappear.

8. Customers with 70-80% probability to post — Ehegstomers are long time writers on
Tripadvisor or well informed new ones. They undamsit Tripadvisor . When they decide to
contribute, they do it properly. Their reviews geduable. They really appreciate service
improvements and reward with a significant incraasgositive reviews. If hotel is
committed to excellence, bad reviews tend to disapp

9. Customers with 80-90% probability to post — They very active on the site because they
fully understand what Tripadvisor is about. Thell véview any experience and appreciate
service improvements. They feel like an active pathe quality process. They reward with
a very great increase in positive reviews. If higelommitted to excellence, bad reviews
tend to disappear.

10. Customers with 90-100% probability to post — They‘@ripadvisor proctors”. They will
review any experience and greatly appreciate semmprovements as they know they are
influencial reviewers. When a hotel owner reads afrtbem he reads it carefully. It usually
contain a lot of valuable information. Sometimesréhare also some misleading reviews.
Service improvements is rewarded with a very greaease in positive reviews. If hotel is
committed to excellence, bad reviews tend to disappnd only misleading reviews stay.

In our hypothesis all customers are uniformallyespled across the cathegories listed.

A hotel with 3000 customers, has 300 potentialeesifor each cathegory.

Each hotel review has been examined together wsiehstprofiles and determined compatibility
with one of the cathegories in Chart 1. Each re\hew been assigned to one of the them. This
work identifies the exact position of a review lre tsystem. Let's explain outcomes with a
numerical example:

With a service level as shown in Chart.2, all 5 staiews counted with a probability of 20-
30% were 60.

LEVEL OF SERVICE 50-50
Probability of | Star review 1 | Star review 2 | Star review 3 | Star review 4 | Star review 5
writing review
0-10 3
10-20 3 2
20-30 60 60
30-40 65 3 65
40-50 70 5 70
50-60 75 6 75
60-70 80 80 4 80 80
70-80 85 85 3 85 85
80-90 90 90 5 90 90
90-100 95 95 8 95 95
Chart.2 —Normalized* reviews allocated for each
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*The total number of allocated reviews is above@0he total sum of data contained in Chart.2 is
1982. The difference is given by the fact that eaamber has approximated to the closest between
number 0 and number 5. Number 90 in the chart coal@ been 88,89, 91,92 reviews and number 95
could have been 93,94,96,97.

Therefore dividing this numbers by the number deleo(50) the result is the average number of
review for that area. This value has been defimedtangle density.

Rectangle Density

The rectangle density is a weighted average oéveviwithin a given probability of writing it
and gives a numerical outcome of actual reviewsgertain group. Let's say it in other words:
if a rectangle has a density value of 1, the outcofmwritten reviews for that area is 1. It
means that we have found only 1 review relevart #iat area according to parameters shown
in Chart 1.

Please also see a practical example taken frord.Hg.

Look at Fig.2 (scenario 1). The rectangle havin¥84& e 50<Y<60 represents a group of
clients with 50-60% probability of writing a 4 staview. Among all clients belonging to this
group there will be 1.50 (rectangle density) re\gewitten.

When services improve (scenario 2) the same groppaple will have 1.80 written reviews as
shown in Fig.3.

Scenario 3 displayes an additional increase otawriteviews up to 2.00. See Fig.4.

Visual Layout Describing Data Collected

These data have been used to describe quantityueiity of reviews vs. total number of rooms
sold.

We have assigned:
X=n Star review
Y = Probability of writing review

Function limits:

0<X<5

X=0 = Star review =0

X=5 = Star review =5

0(%)<Y<100(%)

0=0% probability of writing a review
100=100% probability of writing a review

In order to facilitate the comprehension of thection read the following example:

X=4 Y=20% with level of service 50-50%. This furgtivalue represents 4 star reviews written
by clients having at least 20% probability to wititem. For this level of service there are no
reviews displayed as shown in Chart.2 and Fig.2.
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Fig. 1 Reference System & Visual Layout

The value displayed by TripAdvisor is consideredhasoverall rate of the hotel value. This
assumption is based on our previous experienceihotel market as well as TripAdvisor’s
authority.

A peculiar element that has been noticed is 3r@taews on TripAdvisor. 3 stars, which
indicates mediocre service, is not used by cliastswuch as the remaining 4 options, which
describe a better defined opinion on the experiegoed, very good, bad, or very bad (5, 4, 2,
1). Clients are either very satisfied or very uis$igd. Clients that have experienced slightly
positive or negative service do not have a straraygh opinion to share and tend not to post
any review. The positive effects of a better senatfered during the second year will increase
overall number of 3 star reviews. Based on our pafessional experiences we’ve learned that
it's more difficult to give a bad review to someomko positively committed to offer a better
service. As a reaction, the customer rates hiségysrience with higher stars.

Please see scenario 2 and 3 for a better undeirsgaiiilg.3 and Fig.4).

Level of Services Provided

We have split our study in 3 different scenariogaseling on the level of service provided by
the hotels:

1. 50% good services, 50% not good services — atdraensity

2. 80% good services, 20% not good services — nredensity
3. 100% good services, 0% not good services —degisity
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SCENARIO 1 - 50% good services, 50% bad servicesstandard density

Write review
probability (%)

>

Densj
v Negative

eviews Density

Positive
eviews

1.20
130
1.40
1.50
1.60
1.70
1.80
1.90

Fig. 2 Scenario 1. Good service/Bad service 50%-50%

5 star review —1.20+1.30+1.40+1.50+1.60+1.70+1.880<112.40
4 star review — 1.50+1.60+1.70+1.80+1.90=8.50

3 star review - 0.00**
2 star review - 1.60+1.70+1.80+1.90=7.00
1 star review - 1.20+1.30+1.40+1.50+1.60+1.70+11898=12.40

The result of multiplying star values (A) by th&atal number of reviews (B), is the weight of
each star value (C). If we divide this value bytibial number of reviews we have the weighted

average (WA) that closely approximates the displaysue on Tripadvisor.

STAR VALUE (A) [INUMBER OF REVIEWS (B) AxB = WEIGHT OF STAR VALUE (C)
5 12.40 62.00
4 8.50 34.00
3 0.00 ** 0.00
2 7.00 14.00
1 12.40 12.40
TOTAL 40.30 122.40

**A small percentage of hotels have 1-2 reviewsjolitare not enough to justify visualization
at this stage.

WA (C/B) = 3.04
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SCENARIO 2 - 80% good services, 20% bad servicesredium density
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Y = Write review

Y=o,

Y=100,
Y=200,
Y=300,
Y=400;, Density - Density Posiig:: N
- S Y
V=600, 1.50 [ l.60
‘: 1.60 2.00
V=90% 1.70 :
Y=1009;, 1-50 ::.980 =

1.60 , 0

1.70 2'°°

1.80 -10

2.20

Fig. 3 Good service/Bad service 80%-20%

5 star review - 1.40+1.50+1.60+1.70+1.80+1.90+22008+2.40=16.50
4 star review - 1.40+1.50+1.60+1.70+1.80=10.30

3 star review - 1.60+2.00=3.60

2 star review - 1.60+1.70+1.80+1.90=5.10

1 star review - 1.20+1.30+1.40+1.50+1.60+1.70+11808=6.60

STAR VALUE (A) [INUMBER OF REVIEWS (B) AxB = WEIGHT OF STAR VALUE (C)
5 16.50 82.50
4 10.30 41.20
3 3.60 10.80
2 5.10 10.20
1 6.60 6.60
TOTAL 42.10 151.30

WA (C/B) = 3.59
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SCENARIO 3 - 100% good services, 0% bad serviceshgh density
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Fig. 4 Good service/Bad service 100%-0%

5 star review - 1.00+1.50+1.60+1.70+1.80+2.00+22280+2.60+2.80=19.60
4 star review - 1.50+1.60+1.70+1.80+2.00+2.20+22460+2.80=18.60

3 star review - 1.20+1.60+2.00+2.40=7.20

2 star review - 1.60

1 star review - 1.60

STAR VALUE (A) [INUMBER OF REVIEWS (B) AxB = WEIGHT OF STAR VALUE (C)
5 19,60 98,00
4 18,60 74,40
3 7,20 21,60
2 1,60 3,20
1 1,60 1,60
TOTAL 48,60 198,80

WA (C/B) = 4.09
Results Analysis

Less than 2% of clients write a review. This issMmportant value. Infact with such a small
amount of reviews each hotel is able to monitowibsk and improve its services. If we apply the
same concept to doctors, by visiting 1000 patipetsyear and promoting his/hers profile on a
review website, MDs should easily receive 20 regi@wone year.

Based on data collected there seem to be two etenmluencing reviews densities:
1.Probability of writing review — Rectangles on lngg probabilities have greater values of density

and increase quantity and quality of positive rexgidaster. Bad reviews on high probability areas
can be difficult to avoid, however they are poslyaffected by service offered.
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2.Service offered — Density values increase ortipesieviews as service improves, while negative
ones decrease. This rule applies for all probghbiliervals.

Tripadvisor plays a double role in this procesdlecting valuable customer feedback from clients
and offering a measuring tool to monitor increagpgreciation. By working with this strategy

every review received is an important informationtloe service offered. When you keep seeing the
same complaint that towels are dirty, you starckhwegy laundry orders and deliveries.

The same strategy applied by doctors can increasmlblevel of service for the patient and
eliminate the usual problem of having doctor pesfiith very few reviews.

Hotels asking their clients to write a review ahdre their experience are teaching them the
importance of their feedback. Clients increase aness and start feeling part of a meaningful
project. This is the biggest lack in the doctorieavmodel. Only a minority of doctors are actively
promoting themselves on review websites, ignorivaj the main issue for the poor data is their
lack of partecipation.

Hotels that offer excellent services still recensgative reviews.

Most of negative reviews obtained when servicd th@top can be explained by defining
“misleading reviews.” Such reviews are written ligmts that have received excellent service and
have perceived the opposite because of unfortaxgeriences, Act of God etc... This event
happens with clients with high expectations, loweleof service knowledge, and a negative attitude
or bad mood. In an outstanding environment, thpe ©f review is not harming the hotel’s
reputation, as it represents a strong minority caneg to good/excellent number of reviews;
therefore, misleading reviews slander themselveause they are not consistent.

The reader who is willing to see an example camckchay hotel that has majority of 4 and 5 star
reviews and 1-2 reviews with 1 star.

Conclusions

Doctors who criticize the “review concept” and dut Bngage with these sites could harm their
profession more than those who choose to activaatygipate. If a doctor is not engaging a review
website, chances of getting negative/misleadingevey might increase. This is happening on
several doctors’ profiles.

The Internet-based mind set of rating every intewacf our social life is already in place, and
ignoring it is a bit like an ostrich that sticks head in the sand when scared. It will not stop
patients from writing reviews.

On top of this professional issue for doctors, éhsra larger issue: without doctors’ engagement,

review websites will never be able to display cospldata, and there will remain a strong
limitation on valuable outcomes for the community.
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